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PART 1

Teleoperation
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HOW IT WORKS
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THE BOTTLENECK
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PIVOT — FROM GENERAL TO DOMAIN
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CASE STUDY — TELEOPERATION

RT-X (Open X-Embodiment)
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RT-1-X vs RT-2-X

RT-1-X
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Images
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PART 2

Simulation
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PIVOT — FROM GENERAL TO DOMAIN
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CASE STUDY — SIMULATION
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TASK DESIGN
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Activity Prompting

Can you give me 30 simple
everyday kitchen activities?

Task Prompting

Your goal is to come up with 15
unique tasks that a robot can
complete that all fall under
{ACTIVITY FROM 1

Available objects and skills:

Example tasks:
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List of activities
1. Chopping Food
2. Frying
3. Serving Food ...

’
Task: Prepare Microwave Steaming
Goal: Put a bowl of vegetables inside

the microwave to steam them there.

Objects: bowl, vegetables
Fixtures: sink, microwave
Skills (6):

1. pick(vegetable)

2. put(bowl)

3. pick(bowl)

4. place(microwave)
5. close_door(microwave)

6. press(microwave)

%I Task Generation Process I

pick(vegetable)

place(microwave)

place(bowl)
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RESULT
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Simulation & 37

Catastrophic Forgetting Sim-to-Real Gap
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SUMMARY

Teleoperation 2} Simulation
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