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A massive-scale, egocentric dataset and benchmark suite collected across 74 worldwide
locations and 9 countries, with over 3,670 hours of daily-life activity video.
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Narrations

Objective: Annotator provides dense written sentence narrations in English on a first-person
video clip of length 10-30 minutes + a summary of the whole video.

Motivation: Understand what data is available and which data to push through which
annotation phases. Provide a starting point for forming a taxonomy of labels for actions and
objects.

Tags:

There are four flags that annotators use in the sentence boxes:

#unsure to denote they are unsure about a specific statement

#summary to denote they are giving the overall video

#C to denote the sentence is an action done by the camera wearer (the person who

recorded the video while wearing a camera on their head)

#0 to denote that the sentence is an action done by someone other than the camera
wearer

Note that every sentence will have either #c or #0. Only some sentences (or none) may have

#unsure. Only one sentence for the entire video clip will have #summary .

Annotation task:

Annotation Guidelines / Narrations - 2026-09-15
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https://ego4d-data.org/docs/benchmarks/hands-and-objects/

4 Slice oranges 505.100 1083.061
4.1 Slice orange 508.326 530.501
4.2 Wear finger glove 530.635 536.245
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https://robo-affordances.github.io/
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