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Problem Definition
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Problem Definition
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Objectives
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Produce.py

1. OIOJE £=%! (Source)
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2. O|0|E M% (Data Transmission)

£y GCP Virtual Machine (Data Lake)

§g kafka

An Open-source
database built for

handling of time-
stamped data

Producer

Consumer

Broker

Topic

&) influxdb

Purpose—Built Time Series Database
Visualization, Query & Task Engine

Flux

Query and scripting language
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3. AAIZEM2] Y HI{Z (Real-time processing & Buffering)
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GCP Virtual Machine
93 kafka @ influxdb
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_ GPU Server
Real-time Inference | ... : :
Inference (GCP VM) Fine-Tuning
Model Training TSFM
: Time Series Foundation Model

“@React l
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Visualization / Alerts

3. AA|ZEHI0]E AEZ|Y (Real-time Data Streaming)

O|IO|E{All 2= (Training Dataset Preparation)
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Data Collection & Pre—processing
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v Tags: host_id, os
v Fields: cpu_total_pct (float), mem_used_pct (float), disk_wbps (int), net_out_bps (int), missing_mask (int)

v Time: ts(UTC)
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Anomaly Scenario

Use Case 1
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Use Case 3
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Results
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Host: Jaechan-MacBook-Air.local | Feature: mem_used_pct
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Results
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Results
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Demonstration -
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Conclusion
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Lessons Learned
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Thank you

Thank you for listening to the presentation

Pohang University of Science and Technology

Data Engneering Team 7



