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01. Problem Statement
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02. Architecture

Phase 1: News Data Phase 2: Predict Fluctuation

1. Request News

P News APls

) Probability -
—
é [ Vector Maker }—b[ Maker }—» Probability Table
h w 2.1 Push URL to Queue Fegais
Scheduler }—b News Collector ,J - Task Queue
F
2.2 Add URL for Deduplication ._
> Deduplication
Sets v
3. Pop URL from Queue { |1T§§E:;}Ilemnt W

A J
[ Y
[ Task Watcher }—»[ Web Scrappor & ]—» VYo —> Database —> — Daily Real-time
J { Rebalancing Rebalancing
LLM Analyzer @ News Sentiment

(Qwen) PostgreSQl Score

Data Consumer Database

[: Data Producer :] Data Hub
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02. Architecture

Collector & Queueing Strategy S

e RSSI|E F7|N HL|EE
o Deduplication
m  Redis Set (yahoo : processed_urls) &&
m O(1)9] W2 =3 £ 2 HA| £TEl URL ZE{Z
Redis Set2| Si{A| H|O|Z #1& AFE
o Task Scheduling
m M=ZE2 URLTH Redis List (yahoo : task_queue)di| push
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02. Architecture .5

Worker & Persistence

e \Worker Mechanism:
o BLPOP= E3l Blocking || Ci7| (2E K%t Polling & X[)
0 24N MA| VIS Bl B2 ==

EX Polling BLPOP (Redis Blocking)
CH7| S Busy Wait (7|5 &fol) Blocking (O|HIE CH7|)
tS AT Sleep Z7|0f| w2t K| gk ZA| 82 (Real-time)
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02. Architecture

Worker & Persistence

e Scalability (Zt&A):
o Redis # X H

Ol Worker Z=2M|ATEH S2[H JA| K22 S 7t

I

e Storage Strategy (PostgreSQL):
o Phase 1: ¥2(Raw Text) + H|E}H|0|E HZE
o Phase 2: LLM 24 A1t H- YH[O|E (Decoupled Analysis)
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02. Architecture

Feed data into the model
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03. Data

7o F=IHH|0| & A7t &7t =24 Massive
Z7tH|0|H
AA|ZF FIHH[O|E N, AHA|ZE Yahoo Finance
W FALO[E [AEH|=, =3, Sl A7 X2 2 (44,17971) Massive
= H|0|E
[
HA|ZH FAH|0|E AL RIS, M=, 2l AlZE A7t Yahoo Finance
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04. Method

3 ZAE
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"ticker_symbol": ,
"sentiment_classification": -1,
"sentiment_score": -0.65,
"relevance_score": 0.9

SN 7|AH:
{How the US got left behind
in the global electric car race ---
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04. Method

Step 2

e ticker_symbolO| NONE &, EH 7|0f| OHA E[X|

C|O]E ZH

&= w2 IOl XA

published_utc title

llm_ticker_symboal

llm_sentiment_classification

llm_sentiment_score

llm_relevance score full_content

2024-04-23 12:15:00 1

Mo-Brainer Wa NWVDA

0.85

0.95 This Vanguard growth fund is home to sorr

2024-02-27 10:29:00 1

Overlooked AtNOMNE

0 DigitalOcean helps thousands of small busi

2024-07-26 07:12:00 1
2024-07-07 09:01:00 1
2024-04-22 18:05:00 1

Phenomenal SORCL
Phenomenal SSMCI
Phenomenal SGOOGL

0.85
0.85
-1 -0.65

1
0 0
1
1

0.95 A long track record of cloud and informatic
0.95 This artificial intelligence (Al) hardware spet
0.95 Alphabet's stock is back to setting new high

2024-04-27 15:15:00 1

Powerhouse CMNOMNE

0 0

0 The right investment can supercharge your |

2024-11-09 10:35:00 1
2024-06-17 10:00:00 1
2023-12-28 12:19:00 1
2024-04-16 10:15:00 1
2024-01-28 11:03:00 1
2024-05-27 08:25:00 1
2024-09-19 08:47:.00 1
2024-01-03 10:06:00 1
2023-12-04 10:21:00 1
2023-12-13 12:03:00 1
2024-10-03 09:55:00 1

Soaring Vangu NVDA
Stock | Would UPST
Stock That Co MELI
Stock That TutAMZN
Stock to Buy, "MSFT
Stock-Split Art NVDA
Stock-Split StcAVGO
Stock-Split Stc GOOGL
Stock-Split Stc GOOGL
Stunning Stoc AAPL
Supercharged NVDA

1 0.85
-1 -0.85
0.85
0.85
0.85
0.95
0.85
0.85
0.85
0.85
0.85

0.95 Is the Vanguard Information Technology ET
0.95 There are obvious reasons investors should
0.95 Even if it doesn't pass Amazon, this stock cc
0.98 By constantly innovating and expanding int
0.95 Fed meeting, January jobs report, and heaw
0.98 Nvidia shares have increased 11-fold in fou
0.95 This company's artificial intelligence presen
0.95 Among MNvidia, Amazon, DexCom, Shopify, »
0.95 Among Mvidia, Amazon, DexCom, Shopify,
0.95 The stock market is great at creating long-t
0.95 The Vanguard Information Technology ETF

2024-10-29 09:45:00 1

Supercharged MOME

0

0 The Vanguard Mega Cap Growth Index Fur|

2024-06-25 09:12:00 1

Supercharged NVDA
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04. Method

AMEN Ho} HE|S)

Sentiment Score Sentiment Vector
: column of AAPL ,
(an article of AAPL) (an article of AAPL)
1 corr(NVDA, AAPL) = corr(NVDA, MSFT) corr(NVDA, GFS)
corr(AAPL, NVDA) 1 corr(AAPL, MSFT) corr(AAPL, GFS)
1
corr(GFS, NVDA) corr(GFS, AAPL) corr(GFS, MSFT) 1

7] 30 == 7t corr matrix
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04. Method

article senti vector
article senti vector
market market
article senti vector Mean of Sentiment Vector
article senti vector
article senti vector
TODAY TOMORROW Open to Close =2 & 0|
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05. Result

Transaction Cost = 0.25% (per every trade)
Strategy: Long Top 25%, Short Bottom 25%

Corr-based News Sentiment O2C Long/Short Strategy vs NASDAQ 100

0.8 4 = Strategy (Net)
Strategy (Gross)
Long Only
short Only
0.6 4 === NASDAQ 100 (“NDX}
£
2
(=1}
= 0.4-
)
E
o
-
E
g 0.2
g — —‘w
0.0 - - -
2025-06 2025-07 2025-08 2025-09 2025-10 2025-11

Date
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05. Result

Transaction Cost = 0.25% (per every trade)
Strategy: Short Bottom 25%

Corr-based News Sentiment O2C Short-only Strategy vs NASDAQ 100

0.8 1 —— Short Strategy (Net)

Short Strategy (Gross)
0.7 4 = NASDAQ 100 (“NDX)
0.6 -

0.5 A1

Cumulative Return
o
-

2025-06 2025-07 2025-08 2025-09 2025-10 2023-11
Date

e Cumulative Return = 47.57%
® Turnover = 65.3%
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05. Result

For examp|e; o OORRIEE Helz = ER[E 2HAl:

trade_date ticker sentiment_factor pred_ret
0 2025-11-17%  MOLZ -0, 355475 -0.031477
1 2085-11-17  CCEF -0, 26774 -0, 029247
2 2025-11-17  VRSE -0,311077 -0, 028933
g 2025-11-17 PEF -0, 281902 -0, 025874
4 2025-11-17  0ORLY -0, 307456 -0, 028241
RO2025-11-17 THUS -0, 252102 -0, 026639
B 2025-11-17 BIIB -0, 154657 -0, 026151
7o20E5-11-17 A0F -0, 202133 -0, 0253905
g 2025-11-17 LIN -0, 193855 -0, 024464
9 2025-11-17  MHNST -0, 212565 -0, 024402
10 2025-11-17  PAYE -0, 179425 -0, 023637
11 2025-11-17 GILD -0,182956 -0, 023637
12 2025-11-17 ExC -0, 158306 -0.022312
13 2025-11-17 KHC -0, 144538 0. 021423
14 2025-11-17 MAaR -0, 144785 -0, 021423
15 2025-11-17  CTAs -0, 146744 -0, 021423
16 2025-11-17 AEL -0, 2377 -0, 020530
17 2025-11-17  CO5T -0, 080372 -0, 0139165
18 2025-11-17 CHCSA -0, 132018 -0, 0175588
19 2085-11-17  C5GP -0, 062652 0. 017806
20 2025-11-17 LN -0.114325 -0, 016805
21 2025-11-17 FAST -0, 119936 -0, 0165805
22 2025-11-17 AMGH -0, 046298 -0, 016336
23 2025-11-17  CHTR -0, 07ee6T -0, 015754
24 2025-11-17 TRI -0, 040504 -0, 015464
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06. Future Work

A2 2Ry 73 > T A0 e TxE Sd= Aot AE 340 02| TS

1. Article 2. LLM Sentiment 3. 00D Detection 4. Portfolio
Crawling Analysis (Anomaly Scoring) Rebalancing
(Data Acquisition) (Vectorization) (Execution)
High- Outlier
Dimensional Signal
R~ ALLLL Sentiment (Event Rebalanced
\ / ~~—"| Stream - - - Portfoli
Paw Text q = ég - Vectors Trigger) = gtatfl sl'.ﬂ
] Data - - Compare vs. (Risk
Val LN Database RRLL Normal Market Mitigated)
e o Large Distribution \ /
Language
Model (LLM)
' Normal
: (In-Distribution)
\ 4
Maintain
Current
Holdings
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